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Introduction

The EXTraS project harvests the hitherto unexplored temporal domain information buried in the serendipitous data collected by the European Photon Imaging Camera
(EPIC) onboard the ESA XMM-Newton mission since its launch. This includes a search for fast transients, missed by standard image analysis, and a search and
characterization of variability in hundreds of thousands of sources. We present an automated classification scheme for new transient sources in the EXTraS project. The
method is as follows: source classification features of a training sample are used to train machine learning algorithms (performed in R; randomForest (Breiman, 2001)
in supervised mode) which are then tested on a sample of known source classes.
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The distribution (see also Fig. 3) is close to
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Fig 4: Correlation of various spectral parameters for the sources of the
training sample (upper panels) and transient sources (lower panels).
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